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Abstract; The remote sensing images from GF —1 satellite in 2013 and 2014 were used to detect the land
use changes of the coastal zone in Haiyan County, Zhejiang Province. Two detective methods were
compared through the pixel-based and object-oriented changes. In the pixel-based land use change
detection, the multi-band difference and ratio methods were used to detect the land use changes based on
multi-spectral and fusion images. In the object-oriented land use change detection, the effect of multi-
spectral and fusion images were researched using multi-band difference and ratio methods on the single-
level and multi-level. On this basis, the detection results of human activities region combined with shape
features were analyzed. In addition, the change vector analysis (CVA) was adopted to conduct land use
change detection basing on the multi-spectral and fusion images. The results showed that the overall
accuracy of object-oriented land use change detection was 86.29% , and Kappa coefficient was 0. 72,
which were better than those of the pixel-based land use change detection. In the object-oriented land use
change detection, the detection results of multi-level multi-band difference and ratio methods which using
fusion image were the best, and they were better than those of CVA. And in the pixel-based land use
change detection, the results of multi-band difference method which used fusion image were better than
those of the other methods.
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Fig.1 Remote sensing image of study area
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Tab.1 Parameters of GF —1 satellite image
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Tab.2 Multi-scale segmentation parameters
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Fig.5 Segmented results of difference image and

ratio image on multi-level
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Fig.2 Difference images of binary changed images
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Tab.3 Accuracy assessment results of change detection using pixel-based difference and ratio methods

AR LA I 5 MARRA ARG E/ % il IAE E/ % T HR 2/ % B IR IE % SAKGRE/ %o Kappa %
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1 .
[ A 74.76 83.24 25.24 16.76 78. 85 0.54
i ZHiERAL 77. 65 85.17 22.35 14.83 71.21 0.42
7
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Tab.4 Accuracy assessment results of change detection using object-oriented difference and ratio methods

Viniil =28 AL eS| A/ % il FHORS 7 % WA TRE/ % B2/ % SN BE /% Kappa 2 %4
Z ik 1% 93. 18 95.38 6.82 4.62 83.40 0. 66
RRK RS- 94.32 96. 18 5.68 3.82 84.27 0.68
ED R 94.32 96. 21 5.68 3.79 84.00 0.67
EEK [FIEES A 95.45 97.01 4.55 2.99 86.29 0.72

x5 HEMEXMK CVA BB EITH
Tab.5 Accuracy assessment results of change detection using object-oriented CVA method
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