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Classification Technique of Chinese Agricultural Text
Information Based on SVM
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Abstract. In order to provide personalized services for agricultural information recommendation, it was
needed to organize and classify information efficiently. According to the characteristics of agricultural
texts, a Chinese agricultural text classification model was proposed based on linear support vector
machine (SVM). Firstly, an agriculture-domain-based dictionary was built. Secondly, a feature vector
was extracted and the weight for each feature in a vector was selected. Lastly, a text classification model
was established. The model was tested on 1 071 documents which were belonged to four classes:
planting, forestry, animal husbandry and fisheries. The results showed that the accuracy was 96. 5% and
the recall rate was 96.4% . Both of their performances were higher than those of the ones using other
classification methods, such as the Bayesian, decision tree, KNN, SMO algorithm and neural network.
The model was applied to the platform for agricultural internet of things (10T ) industry integrated
information service. The performance showed that the method can automatically classify Chinese
agricultural text information and the response time met the system requirements.

Key words: Text classification Support vector machine Chinese agricultural information Information

integration

. WA B8 Sy e = 0 iAot 0 304 o 1 B Ak
- o EARAZ B RS 7 T8, 4 Il A5 18, ¥ T 1 3Rk
AR B T AR R, TE 2 e 2012 450, RECHBRIOMEEEL3 H L

W H ). 201510 -28 & [a H 1. 20151116

[ K B AR DETE R R R (863 TH4) % BT H (2013AA102306) L LLZR 2 H 32 G050 % BT H (2014XGA13054 ) Fil v e 35 4% 3 AR BF L 55
B4 T 4 YL BT H (2015XDO001 )

EEEN: W57, LR, RN RAE B A 5T, E-mail: 13598605510@ 126. com

BWAESE: B, #0020 S0, ERANFE S BB, E-mail; dgling@ cau. edu. cn



17 I % . AT S 00 REBLAY RSO SCA A KR B 175

Z',80% LI b O DL AR S5 R A i TR KA E .
AH A P B U 1 A ol B I AR A B A
O R 3 7 B AR B It T EL A R R
BHEARF, W, 5B BB 45 B R A0
Sy HCT A5 A T s Al W IR AT R A, B AR R
— AN R 1 R IR R IF T e — i 3
S N PR A A B IR 5, R R T A R B
EFi

FL R Al 0 3 op, A L T B A4 L W
HR KA SR 5 B4, o IR A R
A VR 2 A A BUIR 55 B 4, gk
P ARl S0 B — 2 i Al 7 B 91 G 3 A P
TEFRROIE B . o T 4 P R ORS00
B AR SCE ST SCA [ 3 A AR R AR
SCAS 5 ERRAE  J8 40 BI7E 4% 190 265 oh 0 £ JEL R AT B 4
I 4 BRA MY AR HEAT 402, DT g T P 42 A3 1 Ak
= BRI 55

SCAR G AR T B AL SCAS T A B4 2 25 1
F, SCAS T b BT 4% SC A IR AR AE Ve B AR AIE T AL
(RT3 5 23 20 Pt ot 2 A T4 B A Al M % 43 2
G KRR [ R SEBUAE B . SR A A
(9 05 ¥ A5 P 5K R AN % DL it 7 L KNN ( K-nearest
neighbor) | f# 22 {] 2% 4% [3-¢] 5 4h # # Kenekayoro
AT P e SR B ST ORI A 3 4 2
Miltsakaki 2"/ 3 F D1 -S43 2K 07, PR T — A5
953 26 R G, B [ S AT SCAR 40 28 M BE A AT 5
B AR SR Apriori B BF X AR i 2 B A I R
AR B BRI 24 T A 990 A 0 B T HG S T 1 SO AR,
2R 2R T ) SC AR Bl 5 3 24 B0 T AT K b, AR A 1T 4B 1
KW 5E AR 1 SC AR B 2 ), o B 2% 85% 5 Shen
21O SR T b 20 I 28 WL 2 o0 1 1 R AT R AL T 4 5
Revathi %" 5% H i 15 40 vk o A7 4510 26 1, R o
S W4 107 1 HEAT SCAS 4 265 Ertekin 281 I R A
SVM SZBl T SCA 43 26, 64 A5 B4y 205 1, X
Bk (13748 M T 3 T 1 s () 5 2 o s o b R 5T 4
KR MERT RN 92.63% , 7 8 F Ny 91. 5% ; K 2F
F5 AT K PR ATl 3 G 450 A T,
KNN B3 508 T SCARAM 26, M R g 88.4% , 7]
W, SO R AR T A —E LRI [
Sy HORIE N AR 9 FLTE 4l £ 840 26 b i R
D

R SR 8 ol SCAR {75 S A5, B ol — Bl T
Pk SVM (3 Ff STl SCAR 3 SRR, 1 SE M i A A T
b 43 2 ) ST o R AE ) e R OB A
SR ERREA STELAE B A B4k

1 HR7TE

1.1 EF SVM HyX Ao FKixa

Al Web SCA 3 AR T 250 2 A~ Br Bl
Grlr B A B o I R B 2 B4 3 VI ZR AR 1Y
3 i) RRAE R R AR AR T S A B S R
SVM Bk AR A5 A SCA oy K w0 I3 B B iy 03X
FEAS 22 3[R R A0 AR B AR 398 VI 2k Bir B A 21 /0 5
V) J2E AT R A 2o 8, i il A I R R o3 2K 2T
33 o A ICA P AL B AR QNP 1 PR o

VIgRER S 4 TR e
WIERET B
5 > T 775 T
MR A FEAEITYE R 4 43me Eﬁ:\@’é
MR B
BT el AR 43 250 7
Fig. 1 Agricultural text classification process

FESCAR G e, — it R i 0 SCR v A 42
T hn AL (EAR A AP AR A A SO RAIE FE A W] 2 A ]
T 8 g ] LA R A R ), PR 0k 25 BB Ml I 3K SO A B
HORE T RS B, A A TR IR B R o AR B 3
A S TR T [ ARl B P T R A R A
AR 55 19 3, ik 26 {5 L LA HTML JE X A7 A8, 20 0 X
B HTML 525 | script JiI 4%\ CSS #£30)7 & ML fH
B DR B bR RN TE 3T, AR 5 R I 2 SCA B R AT 4330
FAIE 8 4% 25 7 2 A L
1.2 SriAfngy KK EME

R SCSCAR AN [) F 98 3OS, SCSCA T 5 1] 2
(6] A7 WS 1 B, A BT 22 ) LR RAT Sk 4y
B, 70 1) B ok Al o i TR — 5 A0 D U U 3 2 1) T
o3 LR e A B A AR o o0 ) A R T i g n] L &
FRes A R PEAR 1 SF AL A REA B, AR T2
JZ B B R A] R A A DU 1A 3% 23 A & 4t ICTCLAS
DO IS A SN R B i O 3 S 2 il o T BN 1 i
TE ] R R R g3 R CR AnET 2 A 3
B

AR R e e ATl 43 28 SR ) 7, g 2
B 1 PR WA AT M 288 5 B 1) A, AR 2 1] J2E 9
R AL 1) A SR AR, 0, AR A AR T
BT T TR RZ AR 1 B SOR AR
1.3 HEEFEMNETE

AL ZE 19 F 92 MR 1) 17 51 Hp 4 i d HLAX
BNk BRFAE IR, A4 B SCAR 7 A — AR S 8] B AR



176 & o Bl B ¥ iR

2015 4

2B/ EhREE BRI ESERA
GRE: sERFNER-RRE1R)

FRRZAE St BESR/IEET~GIRE
Fil 2EDEBRHRTFEMEHREE
“ZREVEFEASH - BE6ARA 178, 2
E2WRZ/E 19546 HE, BidiEHmiR 50%,
B EREEFE -HBERNKAUREW 47.3 58
BHubuhE 2398 HE. HURELBHA 89% SHFX
HNZEBRIMRE 5 A 27 B8k, S
RiEF - 6 8 78-98, 2B/ EEVREINES
3 Xigid 2300 K FERANERHENENIR
NEEUIRES, #EBARIR -

2 Rk ICA gy S A

Fig.2  Agricultural text word segmentation example
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Fig.3 Agricultural text word segmentation results
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Tab.1 Key words of agricultural industry classification
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Fig.4 Agricultural data dictionary
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Tab.2 Agricultural text test data
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