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Fig.2  Ant colony algorithm flow chart
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Research on Method of Global Path-planning for Mobile Robot
Based on Ant-colony Algorithm

Shi Enxiu Chen Minmin Li Jun Huang Yumei
(School of Mechanical and Instrumental, Xi’an University of Technology, Xi’an 710048, China)

Abstract; The global path-planning method for MR is studied based on the characteristics of ant colony
algorithm. The environment information of a plane on which mobile robot ( MR) works is expressed by
the grid method. The main parameters used by ant colony algorithm, such as the number of ant m, arouse
factor « , expected arouse factor B and information element hangover coefficients p, which affect the
result of path planned, including the length of the path planned and the efficiency planning path, are
simulated. It is found from the simulation result that the better global path can be gotten. The length of
the path planned is shorter and the efficiency of planning path is higher when the parameters m, a, 8 and
p are matched better. Based on the results of above simulation, the path is planned for MR, which works
on two different work-plane using ant colony algorithm with the best matching parameters obtained from
the simulation. The accuracy of theoretical research is verified by the global path planned for MR working
under the different work-plane.

Key words: Mobile robot Ant-colony algorithm Work path planning Matching parameters



