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Object-oriented Classification Approach for Remote Sensing Imagery

Information Extraction in Loess Hilly-gully Region
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Abstract

The object-oriented classification approach was employed in loess hilly-gully region. Taking typical

watershed Yan’gou as example, ALOS satellite images were used. The object-oriented multi-segmentation

was carried out with multi-spectral,

panchromatic imagery, auxiliary data of digital evaluation model

(DEM) and the normalized difference vegetation index (NDVI). The land-use categories closely related

to ecosystem restoration, farming and living, such as forest, grass, farmland, orchard, settlement and

water, were classified with thresholds. The classification results had promising accuracies, and the
overall classification accuracy was 77.73% .
Key words Loess hilly-gully region, Remote sensing imagery, Information extraction, Object-
oriented classification
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Fig. 1 Location of Yan’gou watershed
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Fig.2  ALOS multi-spectral image of Yan’gou watershed
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Tab.1 Land-use classification system of Yan’gou watershed
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Fig.6 Approach framework of the object-oriented

classification for Yan’gou watershed using multi-spectral,
panchromatic images and NDVI, DEM data
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Tab.2 Segmentation levels and parameter settings of object-oriented classification for Yan’gou watershed imagery
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3 3 1 8 8 1 0.9 0.1 0.5 0.5
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Fig.7 Segmentation sample in scale parameter 200 of object-

oriented segmentation for Yan’gou watershed imagery
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Fig.8 Segmentation sample in scale parameter 140 of object-

oriented segmentation for Yan’gou watershed imagery
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Fig.9 Segmentation sample in scale parameter 3 of object-oriented segmentation for Yan’gou watershed imagery



543 FHUR S5 : T o B VA AR X B SR AR MR ST 1) X R 43 28 T 1 FR IR 157
Kappa 28 B2 — Pl s 4 i P 2 1] W) 5 52 80K B2 19 T ) 0 R RAE R BAEE N 77.73%
545 o &L Kappa Z %0 0. 7144, I 52 2% X 9 1 B

®3 FARBFZGEEIN RS LEREEITMN 4y

1853 2608 B A A R R AR &, g 55 DLl XY
Quickbird S5, il I3 F il A S0 AR B A S
*Hﬁﬁ@ii&ﬂﬁﬁ%’éﬂ,@ﬁ%ﬁ%%ﬁﬁ 8%
Mallinis 2 L H F 3 111 X 9 Quickbird $2447, #1
T 111 %oF 523 28 5 vk 4 UMK 4315 L (H B g 19 43 5k
JEARKT 80% o A SCH I ) % 52 43 207 ¥, IF AR
it ¥ - B B DXRE R R U i £k - R FE AR L ( DEM)
A — AL R A (NDVT) |, ] ALOS 28 2% T8 1 4>
S AR 25638 AR (A AR B3I T 1 B AT AY
Quickbird F44%) , 40 2 245 S 0O K5 BE 5 it A\ 0F 9% BT 4%
WAL RV K BE /N T 80% ) o

0 1000 2000
—e ' m

P10 39 VA IR A5 THT i) X R 2 2

Fig. 10  Object-oriented classification results of

4 g

(1) I FH T 1) % 42 40 28 07 1k 6] 8 4 e g X LR
TRIBHEVA 1) ALOS | 5 43 B 8 B AR AT 90
X W T B RE EZHE . S

Yan’gou watershed imagery

Tab.3 Classification accuracy assessment of the
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